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Cognitive and Social Antecedents of Academic Success 
Damian J. RIVERS 

 

Abstract: Informed by a social cognitive approach to self-regulation and learning (Zimmerman, 2002), the current study 
assesses the predictive capacity of personality, academic self-efficacy, goal orientation and approaches to learning to 
account for the academic achievements of a cohort of 256 Japanese university students. Through correlation and 
sequential regression analyses the data indicate that goal orientation (achievement motivation) is the primary contributor 
to academic achievement, and one which has a greater impact among low-achiever students. Moreover, the type of goal 
orientation utilized in service of academic achievement can be differentiated between low-achiever and high-achiever 
students. Among low-achievers a task goal-orientation made a significant positive contribution to academic achievement 
outcomes while among high-achievers an ability-approach orientation was dominant in terms of its positive impact. The 
personality trait of conscientiousness was the most important in predicting academic achievement among low-achiever 
students where no other trait was found to be significant. 
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Interest in the antecedents of academic 

achievement has been a longstanding feature of 

interdisciplinary research arising primarily from the 

field of educational psychology, and more recently, 

cognitive science. Prior studies have utilized a broad 

spectrum of variables and conceptual approaches in an 

effort to identify the predictors of desirable academic 

outcomes. These studies have focused on learning 

styles (Busato et al., 1999; Kolb, 1984; Schmenk, 

1983; Vermunt, 1996), personality traits (De Radd & 

Schouwenburg, 1996; Kappe & Van der Flier, 2012; 

Lounsbury et al., 2003), academic emotions (Pekrun & 

Linnenbrink-Garcia, 2012), subject-specific anxiety 

(Dowker et al., 2016), social support (Juvonen et al., 

2012; Song et al., 2015), self-efficacy and task-

mastery beliefs (Bandura, 1977, 1986, 1997; 

Zimmerman, 2000), academic self-concept (Guay et 

al., 2010; Khalaila, 2015), self-regulation (Mega, 

Ronconi & de Beni, 2014; Zhou, 2015), locus of 

control, outcome attribution and expectancy (Vroom, 

1964) and motivation and goal orientation (Ames, 

1992; Pintrich & Schunk, 1996; Weiner, 1985).  

Such research indicates that academic 

achievement is strongly influenced by individual 

differences (Komarraju et al., 2009; Rothstein et al., 

1994). Moreover, such research also emphasizes that 

for many stakeholders, having the predictive capacity 

to explain the academic successes and failures of 

students is of the utmost importance, especially within 

the context of higher education (Ruban & McCoach, 

2005). Indeed, having knowledge of the factors 

responsible for variations in academic achievement 

allows educators to create more equitable curricula 

which consider individual student strengths and 

weaknesses. Informed by a social cognitive approach 

to self-regulation and learning (Zimmerman, 2002), 

the current study assesses the predictive validity of a 

selection of personality, motivation and study related 

variables to the academic achievement outcomes of a 

population of Japanese university students. 

3

Personality 

The role of personality in academic 

achievement has a long history (cf. Cattell, 1973; 

Harris, 1940; Webb, 1915). Recent research suggests 

that personality, especially individual traits such as grit, 

perseverance and conscientiousness, accounts for 

more variance in academic achievement than 

intelligence (cf. Bratko et al., 2006; Hakimi et al., 

2011; Noftle & Robins, 2007; Rimfield et al., 2016). 

In distinguishing intelligence and personality within 

an educational context, O’Connor and Paunonen 

(2007) state that intelligence is a reflection of what an 

individual can do on the basis of cognitive ability, 

whereas personality is reflective of what an individual 
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is inclined to do (Furnham & Chamorro-Premuzic, 

2004), and therefore, is a facet of individual difference 

implicated into self-regulatory learning processes. 

While empirical evidence is inconclusive concerning 

the impact of each personality trait on academic 

success, often owing to factors such as developmental 

age and context, across numerous studies 

conscientiousness, in accordance with the dominant 

five-factor model of personality (Digman, 1990; John 

& Srivastava, 1999; McCrae & Costa, 1997), appears 

to be the most consistent predictor (Chamorro-

Premuzic & Furnham, 2003; Diseth, 2003; Farsides & 

Woodfield, 2003; Wolfe & Johnson, 1995).  

The centrality of conscientiousness is 

reflected in its description as the most crucial non-

cognitive predictor of academic success (Dumfart & 

Neubauer, 2016). Through a meta-analysis of previous 

research, Poropat (2009) establish conscientiousness 

as the most consistent personality trait predictor of 

academic achievement (see also Vedel, 2016). In a 

Dutch study, Kappe and Van der Flier (2012) report 

that conscientiousness is the strongest predictor of 

academic achievement having an influence five times 

greater than intelligence, a finding previously 

explained as due to positive correlations between 

conscientiousness and self-regulated learning 

behaviours (cf. Bidjerano & Dai, 2007). Beyond 

conscientiousness, the research literature shows mixed 

findings for the other five-factor model personality 

traits.  

Extraversion has been shown to have a 

negative correlation with academic success within the 

context of higher education (Bauer & Liang, 2003; 

Furnham et al., 2003; Goff & Ackerman, 1992). Such 

findings are rationalized through suggestions that 

more extraverted students spend more time socializing 

rather than studying, although the exact type of study 

task or activity, and the specific subject being assessed, 

make such attributions problematic. For example, and 

contrary to the above, Rothstein et al. (1994) document 

positive links between extraversion and classroom 

participation grades within a cohort of MBA students. 

Agreeableness tends not to have a 

significant role within the later years of formal 

schooling (De Fruyt & Mervielde, 1996; Laidra et al., 

2007). Some studies have found negative correlations 

with classroom performance and GPA (Rothstein et al., 

1994) while others have reported positive correlations 

with course grade (Conrad, 2006) and GPA (Farsides 

& Woodfield, 2003). Similarly, the trait of openness 

has produced mixed outcomes. Gray and Watson 

(2002) report that openness functions to predict GPA 

while Rothstein et al. (1994) link openness to 

classroom participation. On the other hand, several 

studies report no significant links between openness 

and academic achievement (cf. Conrad, 2006; 

Dollinger & Orf, 1991; Hair & Hampson, 2006). 

Emotional stability has been viewed as 

having positive or non-significant links with academic 

achievement (cf. Chamorro-Premuzic & Furnham, 

2003) on the basis that less emotionally stable students 

(i.e., more neurotic) are inclined to suffer anxiety 

(Watson & Clark, 1984), especially in relation to 

assessment and testing which is understood to impair 

academic performance (Chamorro-Premuzic & 

Furnham, 2005) and motivation to study (Watson, 

2000). While earlier research indicates that academic 

performance is higher within emotionally stable 

students (Entwistle & Entwistle, 1970), O’Connor and 

Paunonen (2007) contend that emotional stability may 

not be a strong predictor of individual differences in 

academic achievement. 

Academic Self-Efficacy 

As a motivational variable (Bandura, 2001) 

deriving from expectancy-value models of motivation 

(Eccles, 1983; Pintrich, 1989), self-efficacy has been 

defined as a belief in one’s own capability to mobilize 

the motivational and cognitive resources, necessary to 

satisfy the situational demands of a particular context 

(Wood & Bandura, 1989). Within an educational 

context, self-efficacy beliefs concern the perceived 

capabilities needed to perform at a certain level of 

academic achievement. Self-efficacy beliefs are 

dependent upon the cognitive processes of self-

reflection, attribution and appraisal and function to 

regulate decisions pertaining to expended effort, task 

choice and task dedication, all of which may act to 

inform academic achievement outcomes.  

A crucial aspect of self-efficacy is that 

outcome expectations alone are insufficient if actual 

task-specific competency is lacking (Bandura, 1977). 

Therefore, self-efficacy beliefs must relate to an 
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individual’s actual capabilities (i.e., expectations of 

mastery or achievement must be realistic). There is 

also evidence to suggest that task type, specifically in 

terms of difficulty, is a factor affecting the impact of 

self-efficacy on achievement outcomes with easier 

tasks likely to produce stronger relationships (cf. 

Stajkovic & Luthans, 1998). Furthermore, self-

efficacy as a motivational drive will fail to produce 

optimal outcomes if the individual is unable to make 

appropriate choices and decisions concerning the 

pathway to task mastery. Bandura’s (1989) triadic 

reciprocal determinism model addresses this concern 

and outlines how a combination of behavioural, 

cognitive, personal and environmental factors need to 

be considered in order to describe the causal 

relationship between self-efficacy beliefs and actual 

achievement.  

Self-efficacy beliefs have also been shown 

to correlate with the use of effective learning strategies 

(Pajares, 1996; Schunk & Pajares, 2002), and when 

placed alongside adaptive cognitive strategies and 

self-regulation techniques, self-efficacy beliefs have 

been shown to predict academic achievement (Pintrich 

& De Groot, 1990; Richardson et al., 2012; Schunk, 

1991) through an indirect impact upon goals and goal 

setting (Zimmerman & Bandura, 1994). More recently, 

through a meta-analysis of past research Robbins et al. 

(2004) show that academic self-efficacy and 

achievement motivation were the strongest predictors 

of GPA and persistence. 

Goal Orientation (Achievement Motivation) 

Goal orientations concern the motive for 

engaging in an academic task or course of study and 

relate directly to the type of cognitive strategy used 

(Anderman & Anderman, 1999). The goal orientation 

framework provides an approach for individuals to 

interpret and react to events in a way that promotes 

different patterns of cognition, affect, and behaviour 

(Dweck, 1986; Dweck & Leggett, 1988). Based upon 

achievement goal theory (Atkinson & Feather, 1964; 

Elliot & Harackiewicz, 1996), achievement 

motivation in terms of goal orientation does not 

conceive of students as possessing or lacking 

motivation, but instead focuses upon how students 

think about themselves, their tasks, and their academic 

performances (Ames & Archer, 1988).  

Midgley et al. (1998, p. 113) draw attention 

to distinctions between different goal orientations and 

describe “the goal to develop ability (task goal 

orientation), the goal to demonstrate ability (ability-

approach goal orientation), and the goal to avoid the 

demonstration of lack of ability (ability-avoid goal 

orientation)”. Students who are task goal-orientated 

desire to increase understanding and ability. For these 

students, success is defined in relation to the task and 

progress is measured in self-referential terms. Several 

studies have found that a task goal-orientation is 

positively associated with academic self-efficacy (cf. 

Anderman & Young, 1994; Anderman & Midgley, 

1997). Task goal-orientations have also been 

positively linked to adaptive learning strategies 

inclusive of deep information processing (Nolen, 

1988).  

Ability goal-orientations consist of 

approach and avoidance aspects (Elliot & 

Harackiewicz, 1996). Ability orientated students seek 

favorable judgments of their competence, or to avoid 

unfavorable judgments of their competence. Success is 

therefore defined in relation to the feedback provided 

by significant others such as peers and teachers. Those 

students who orientate toward approach goals are 

more likely to see difficulties as challenges to be 

overcome and therefore motivating (Harackiewicz et 

al., 1998). Avoidance orientated students see success 

as being inclusive of the avoidance of demonstrations 

of individual incompetence or lack of knowledge and 

ability. Midgley et al. (2000) suggest that the 

avoidance-orientation is associated with other 

maladaptive learning behaviours such as a surface 

approach to learning. Furthermore, those students who 

orientate toward avoidance goals are more likely to see 

difficulties in terms of threats rather than challenges, 

and are thus, more inclined to quit rather than 

persevere (Elliot & Thrash, 2001).  

Approaches to Learning 

Messick (1994) emphasizes the importance 

of approaches to learning research in terms of 

facilitating a more applied perspective on educational 

input and output. Deriving from the work of Marton 

and Saljo (1976) who identified deep and surface 

levels of processing, research concerning approaches 

to learning is now a mainstay feature of educational 
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discourse. A deep approach to learning is reflected in 

behaviours that seek meaning in the subject matter and 

that attempt to critically relate it to other experiences 

and ideas. The use of evidence and the linking together 

of ideas are dominant strategies (Diseth & Martinsen, 

2003). Students who adopt a deep approach seek to 

understand the subject matter and have an intrinsic 

interest in it in a way that promotes enjoyment and 

satisfaction from studying. On the other hand, students 

who adopt a surface approach view that the task of 

learning as an imposition. These students might view 

individual parts of the subject as delineated entities 

and fail to integrate ideas and perspectives into a 

coherent overall agenda. While a deep approach to 

learning is seen as ideal, a surface approach to learning 

is primarily motivated by a fear of failure and reflects 

a reliance of rote-learning and memorization in 

isolation from other forms of knowledge and ideas 

(Dart, 1998; Diseth & Martinsen, 2003; Van Rossum 

& Schenk, 1984).  

A third, strategic approach to learning, is 

underpinned by competition with others for desirable 

academic achievement outcomes. Students who 

engage in a strategic approach to learning will manage 

time effectively and align their intellectual abilities 

with the assessment criteria given reflective of higher-

grade outcomes (Duff, 2003). Unlike the deep and 

surface approach to learning, the strategic approach to 

learning is more malleable in that it does not relate to 

a fixed strategy. Students will instead deploy 

whichever strategic behaviours they believe to be most 

beneficial to their overall outcome goals (Diseth & 

Martinsen, 2003). A strategic approach to learning 

may therefore combine aspects of both the deep and 

surface approaches to learning although the main 

motivation is academia achievement rather than 

intrinsic interest or fear of failure as is the case with 

the deep and surface approach respectively.

2 5 1

The current study hypothesizes that 

personality traits and academic self-eficacy can be 

expected to orientate individual students toward 

certain goal orientations (achievement motivations), 

which will promote different approaches to learning 

and consequently, differentiations in academic 

achievement. While the personality trait of 

conscientiousness seems the most likely to have a 

significant predictive impact, the mixed findings 

reported within the literature mean that a priori 

detailed hypothesized interactions are not made or 

modelled. In addition to assessments made on the basis 

of the overall cohort of student participants, the current 

study assesses how the predictor variables tested 

differentiate in their contribution to academic 

achievement between high-achiever and low-achiever 

students. Identifying significant differences between 

these two achievement samples will provide 

stakeholders with a rationale for the provision and 

content of student support services focused on 

facilitating more productive classroom behaviours and 

adaptive approaches to study, particularly within the 

context of mixed-ability learning environments. 

Context and Participants 

An overall sample of 256 students (204 

(79.7%) male and 52 (20.3%) female) enrolled at a 

public information science university within Japan 

(mean age = 18.73 / SD= .82) participated in the 

current study. The students were recruited through an 

internal email invitation in Japanese. The secondary 

split samples each contained 128 students. The high-

achiever group consisted of 104 (81.3%) males and 24 

(18.8%) females (mean age = 18.64 / SD= .73). The 

low-achiever group consisted of 100 (78.1%) males 

and 28 (21.9%) females (mean age = 18.82 / SD= .89). 

Procedure and Measures 

The students who had consented to 

participate were sent a URL link to a Japanese 

language web-based survey. The survey comprised 

four main sections related to individual differences in 

learning.  

Personality. The Japanese version of the 

Ten-Item Personality Inventory (TIPI) (Gosling et al., 

2003) was used as the measure of personality. The 

TIPI-J has been shown to correlate sufficiently with 

the more extensive NEO-PI-R-J (Japanese version of 

the NEO Personality Inventory) and is considered an 

adequate representation of the five-factor model of 

personality (Oshio et al., 2012, 2013) (see also 

Furnham, 2008). The TIPI-J requires participants to 

self-report the extent to which they view themselves in 

relation to ten binary-pairs of personality trait 
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descriptors. These descriptors are assessed on a seven-

point scale ranging from disagree strongly to agree 

strongly. The measure addresses personality traits 

from the five-factor model including extraversion 

(sociable, assertive, talkative, active, and not reserved, 

or shy), agreeableness (trusting, generous, 

sympathetic, cooperative, and not aggressive, or cold), 

conscientiousness (hard working, responsible, self-

disciplined, thorough, and not careless, or impulsive), 

emotional stability (relaxed, self-confident, and not 

anxious, moody, easily upset, or easily stressed), and 

openness (curious, reflective, creative, deep, open-

minded, and not conventional) (Gosling et al., 2003). 

Academic Self-Efficacy. An eight-item 

measure of academic self-efficacy was modified from 

the Motivated Strategies for Learning Questionnaire 

(MLSQ) (Pintrich & De Groot, 1990). The items were 

assessed on a five-point scale and concerned 

perceptions of confidence and competence related to 

the student’s enrolled courses (e.g., “I'm certain I can 

understand the ideas taught in my classes”).  

Goal Orientation (Achievement 

Motivation). An 18-item instrument was drawn from 

the Goal Orientation Scale developed by Midgley et al. 

(1998). The measure pertains to the achievement 

motivation of students and is divided into three factors. 

A task goal-orientation (e.g., “I like university work 

best when it really makes me think) concerns the goal 

to develop one’s own study related abilities. An 

ability-approach orientation (e.g., “I would feel 

successful at university if I did better than most of the 

other students”) concerns the goal to demonstrate 

one’s own study related ability. An ability-avoid 

orientation (e.g., “The reason I do my university work 

is so others won’t think I’m dumb”) concerns the goal 

to avoid the demonstration of one’s own lack of study 

related abilities or incompetence. All responses were 

assessed on a five-point scale. 

Approaches to Learning. The 52-item 

Revised Approaches to Studying Inventory (RASI) 

developed by (Entwistle & Ramsden, 1983) was used. 

The measure uses a five-point scale to assess the 

tendencies of students to use deep, strategic and 

surface approaches to learning. While the 52-items can 

be used to reflect these three macro-level constructs 

(deep, strategic and surface), there also exist several 

composite scales within each approach. Given the 

complexity of the measure, the authors have advised 

that the factor structures and reliability of each sub-

scale and it composite construct should be checked 

rather than assumed within the particular population 

used. 

Academic Achievement. Assessment data 

was provided by the university administration and 

reflected the sum of five compulsory course grades 

taken from the first semester during 2017 and 2018. 

The five subjects included Communication, Virtual 

English Program, Analytics, Linear Algebra and 

Practical Mathematics. All grades reflected a 

combination of assessment methods drawn over a 15-

week semester period. 

5

Descriptive and Correlational Analysis 

Each of the predictor variables was 

scored/coded based on the instructions given by the 

original instrument guidelines. While the measure of 

personality and academic self-efficacy (α .82) required 

no factorial confirmation, the 18-tems used to measure 

goal orientation (achievement motivation) were 

subject to a principal-components factor analysis. Six 

items returning cross-loading factor values under .55 

and were removed. The revised five-item task goal-

orientation factor (α .84) accounted for 27.3% of the 

cumulative variance, the revised four-item ability-

avoid orientation factor (α .80) accounted for 24.6% of 

the cumulative variance while the revised three-item 

ability-approach factor (α .74) accounted for 14.4% of 

the cumulative variance. Overall, the modified three-

factor solution was responsible for 64.4% of the 

observed variance.  

The procedure was then repeated with the 

52-item Revised Approaches to Studying Inventory 

(RASI). Several cross-loading items returning factor 

values under .55 were removed. The revised 16-item 

deep approach to learning factor (α .84) accounted for 

32.6% of the cumulative variance, the revised 12-item 

strategic approach to learning factor (α .77) accounted 

for 19.0% of the cumulative variance while the revised 

16-item surface approach to learning factor (α .66) 

accounted for 13.2% of the cumulative variance. 

Overall, the three-factor solution was responsible for 

65.0% of the observed variance. Table 1 shows the 
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descriptive data for the overall sample as well as for 

the two split samples. Significant mean differences 

between the high-achiever and low-achiever samples 

are also shown.  

 

 

 

Bivariate correlations for the predictor 

variables and criterion variable are shown in Table 2. 

Among the personality trait predictors, extraversion 

was correlated with conscientiousness (r= .15*) and 

openness (r= .19**). Agreeableness was correlated 

with conscientiousness (r= .12*). Conscientiousness 

was correlated with emotional stability (r= .26**) and 

openness (r= .15*). The personality trait predictors had 

several correlations with other predictor variables, the 

most significant of which was the positive correlation 

between conscientiousness and a strategic approach to 

learning (r= .43**) and the negative correlation 

between openness and an ability-avoid orientation (r= 

-.43**). Conscientiousness also had a positive 

correlation with a deep approach to learning (r= .15*). 

Moreover, and consistent with Benjamin et al. (1981) 

who suggests that neurotic students are more likely to 

be ineffective and inefficient in terms of approaches to 

learning and cognitive strategy development, 

emotional stability had a negative correlation with 

surface approach to learning (r= -.18**). Extraversion 

(r= -.13*), conscientiousness (r= .26**) and emotional 

stability (r= .12*) were the only personality trait 

indicators to have direct correlations with the criterion 

variable.  

 

Academic self-efficacy was correlated with 

all of the personality trait indicators except for 

extraversion. Consistent with previous studies (cf. 

Anderman & Young, 1994; Anderman & Midgley, 

1997) academic self-efficacy was correlated with task 

goal-orientation (r= .13*). Indicative of Schunk and 

Pajares (2002) who report that self-efficacy beliefs 

correlated with the use of effective learning strategies, 

academic self-efficacy had a positive correlation with 

an ability-approach orientation (r= .56**), a deep 

approach to learning (r= .22**), a strategic approach 

to learning (r= .39**), and a negative correlation with 

a surface approach to learning (r= -.16**). Academic 

self-efficacy had a direct correlation with the criterion 

variable (r= .36**).  

 

 
 

The only correlation among the three goal-

orientation (achievement motivation) predictors was 

between the ability-avoid orientation and the ability-

approach orientation (r= .26**). The task goal-

orientation had a positive correlation with the strategic 

approach to learning (r= .50**) and the deep approach 

to learning (r= .47**) which supports the research 

showing that task goal-orientations are linked to 

adaptive learning strategies inclusive of deep 

information processing (cf. Anderman & Young, 1994; 

Nolen, 1988). The task goal-orientation also had a 

positive correlation with the criterion variable 

(r= .25**) while the ability-avoid orientation had a 

negative correlation with the criterion variable (r= 

-.14*). In addition, the ability-avoid orientation had a 

positive correlation with a surface approach to 

learning (r= .33**) which relates to the implication 

that the avoidance-orientation is associated with other 

maladaptive learning behaviours (cf. Midgley et al., 

2000).  

Among the approaches to learning 

predictors variables a deep approach to learning had a 
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positive correlation with a strategic approach to 

learning (r= .41**). The surface approach to learning 

correlated positively with the ability-avoid orientation 

(r= .33**) but negatively with the task-goal orientation 

(r= -.22**). Reflecting the findings of Diseth and 

Martinsen (2003), the deep approach to learning did 

not correlate with academic achievement, whereas the 

surface (r= -.40**) and strategic (r= .18*) approaches 

to learning were significant correlates with the 

criterion variable. 

Sequential Regression Analysis 

A four-step sequential regression procedure 

was undertaken to assess the contribution of the 

predictor variables to the criterion variable for the 

overall student sample and the high-achiever and low-

achiever split samples (see Table 3). Assumptions of 

normality, linearity and homoscedasticity were 

affirmed. In accordance with the hypothesized 

interactional sequence outlined, the five personality 

traits were first entered. The returned model was 

statistically significant from the null model and 

accounted for approximately 10% of the observed 

variance (ΔR2 = .10; F(5, 250) = 5.86***). 

Extraversion (β= -.29***), emotional stability (β= 

-.13*) and openness (β= -.18**) were negative 

predictors while conscientiousness (β= .16**) was a 

positive predictor of academic achievement.  

In step two, academic self-efficacy was 

entered into the model (F(6, 249) = 9.43***) which 

functioned as a positive predictor of academic 

achievement (β= .44***), accounting for an 8% 

increase in the overall observed variance (ΔR2 = .08; 

F(1, 249) = 24.48***). During step-three, the three 

goal-orientation (achievement motivation) predictors 

were entered into the model (F(9, 246) = 13.69***) 

which increased the overall variance accounted for by 

a further 14% (ΔR2 = .14; F(3, 246) = 18.28***) when 

controlling for personality and academic self-efficacy. 

Task goal-orientation (β= .23***) was found to be a 

positive predictor of academic achievement while the 

ability-avoid orientation (β= -.13*) and the ability-

approach orientation (β= -.20**) were negative 

predictors of academic achievement. In the final model, 

the three approaches to learning predictors were 

introduced which increased the overall variance 

accounted for by a further 8% when controlling for 

personality, academic self-efficacy and goal 

orientation (ΔR2 = .08; F(3, 243) = 11.27***). From 

the three approaches to learning predictors only the 

surface approach to learning (β= -.31***) functioned 

as negative predictor of academic achievement. The 

final model therefore accounted for approximately 

41% of the observed variance in academic 

achievement (F(12, 243) = 14.37***). 

 

 
 

The entry procedures were repeated with 

the split samples of high-achievers and low-achievers. 

The five personality traits were first entered and the 

returned model was statistically significant from the 

null model for the low-achievers and accounted for 

approximately 17% of the observed variance (ΔR2 

= .17; F(5, 122) = 5.05***). The personality trait 

model made no significant contribution to academic 

achievement within the high-achiever sample. Among 

the personality trait indicators within the low-achiever 

sample, conscientiousness (β=.32***) was the only 

predictor of academic achievement. In step-two, 

academic self-efficacy was entered as a predictor of 

academic achievement and made a significant 

contribution (β=.20*) within the low-achiever sample 

when controlling for personality (F(6, 121) = 4.79***). 

Academic self-efficacy made no significant 

contribution to academic achievement within the high-

achiever sample. 

The three goal-orientation (achievement 

motivation) predictors were then entered into the 

model and made a significant contribution within both 

the high-achiever sample (F(9, 118) = 5.01***) and 

the low-achiever sample (F(9, 118) = 13.27***). The 
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increased variance accounted for was also significant 

within the high-achiever sample (ΔR2 = .23; F(3, 118) 

= 12.73***) and the low-achiever sample (ΔR2 = .31; 

F(3, 118) = 24.62***). Differentiated patterns of 

significance were observed across the three goal-

orientation (achievement motivation) predictors 

between the two samples. Within the high-achiever 

sample the ability-avoid orientation (β=-.55***) was a 

negative predictor of academic achievement whereas 

the ability-approach orientation (β=.45**) was a 

positive predictor. Within the low-achiever sample, 

task-goal orientation (β=.58***) and ability-avoid 

approach orientation (β=.24*) were positive predictors 

of academic achievement whereas the ability-

approach orientation (β=-.27**) was a negative 

predictor.  

In step four, the three approaches to learning 

predictors were introduced. Within the high-achiever 

sample, although the overall model was significant 

(F(12, 115) = 3.85***), when controlling for 

personality, academic self-efficacy and goal-

orientation (achievement motivation) predictors, the 

three approaches to learning predictors made no 

significant contribution. Within the low-achiever 

sample the overall model returned was significant 

(F(12, 115) = 11.74***) and the three approaches to 

learning predictors significantly increased the overall 

variance accounted for by 4% (ΔR2 = .04; F(3, 115) = 

4.05**) although only the surface learning approach 

(β=-.22**) was a significant predictor of academic 

achievement. The final model for the high-achiever 

sample was able to account for approximately 28% of 

the observed variance whereas the final model for the 

low-achiever sample was able to account for 

approximately 55% of the observed variance. 

3 . 3

Informed by a social cognitive approach to 

self-regulation and learning (Zimmerman, 2002), the 

current study hypothesized that personality traits and 

academic self-efficacy could be expected to orientate 

individual students toward certain goal orientations 

(achievement motivations), which would promote 

different approaches to learning and consequently, 

differentiations in academic achievement. In addition 

to assessing the predictive validity of a selection of 

personality, motivation and study related variables to 

the academic achievement outcomes of a population of 

Japanese university students, the current study also 

tested how such variables differentiated in their 

contribution to academic achievement between 

students categorized as high-achievers and students 

categorized as low-achievers. From the data analyzed, 

several findings have arisen that can be discussed in 

relation to the role of individual differences in 

academic achievement outcomes and the practical 

implications created for teachers and other 

stakeholders within higher education. 

First, the sequential regression analysis 

undertaken with the overall sample was able to 

account for approximately 41% of the variance 

observed in academic achievement whereas within the 

split sample procedure, 55% was accounted for among 

the low-achiever sample and 28% among the high-

achiever sample. The predictor variables selected were 

therefore more effective in explaining the academic 

achievement outcomes of low-achievers as opposed to 

high-achievers. It might be suggested that within the 

high-achiever sample intelligence is responsible for a 

greater proportion of the unexplained variance rather 

than the non-cognitive factors tested in the current 

study. 

Second, across the overall sample and the 

split-samples, the most significant addition to the 

cumulative variance accounted for came from the 

introduction of the three goal-orientation 

(achievement motivation) variables. Despite this 

commonality, between the high-achievers and low-

achievers there are distinct differentiations in the 

contributions made by each of the three goal-

orientation indicators. Among the high-achievers an 

ability-approach orientation (β= .45**) made the 

strongest positive impact on academic achievement 

whereas an ability-avoid approach made the strongest 

negative impact (β= -.55***). This suggests that those 

students who had the required abilities for successful 

participation in class (i.e., high-achievers) saw 

significant returns in terms of academic achievement 

when actually demonstrating their abilities in front of 

peers and teachers. Likewise, when these capable 

students sought to avoid demonstrations of individual 

incompetence or lack of knowledge and ability, their 

academic achievements were reduced.  
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A task goal-orientation was not a significant 

predictor of academic achievement among the high-

achiever sample which raises questions concerning the 

value of self-referential processes of evaluation among 

students who are equipped with the sufficient 

competencies required to receive positive feedback 

from others. In contrast, among the low-achiever 

sample the task-goal orientation was found to have the 

greatest individual positive impact on academic 

achievement (β= .58***). This suggests that a self-

referential focus on task completion is the most 

productive motivation for low-achievers to be 

successful within the classroom alongside an ability-

avoid orientation (β= .24*) which had a positive rather 

than negative impact on academic achievement. Given 

that the task goal-orientation is measured in self-

referential terms as opposed to being dependent upon 

external feedback, it appears important to therefore 

provide such students with the skills and abilities 

needed for self-reflection and meta-awareness in 

relation to their learning experiences. Within the low-

achiever sample, the ability-approach orientation was 

found to have a negative predictive impact on 

academic achievement (β= -.27**). This indicates that 

for the low-achievers, attempts at demonstrating 

knowledge and ability did not yield positive feedback 

returns from peers and teachers meaning that 

avoidance was a more successful motivational 

orientation.  

Third, within the high-achiever sample, 

academic self-efficacy had no significant predictive 

impact upon academic achievement whereas for the 

low-achiever sample, academic self-efficacy did have 

a significant predictive impact upon academic 

achievement (β= .20*), albeit one which made no 

significant contribution to the model when controlling 

for the other predictor variables. From this it is 

possible to assert that while academic self-efficacy is 

more important among low-achievers than high-

achievers, the impact of academic self-efficacy on 

achievement outcomes within the current study is 

marginal although this is perhaps due to limitations in 

sample size as the overall population returned a 

significant positive role for academic self-efficacy. 

Fourth, among the high-achiever sample 

personality traits made a non-significant contribution 

to the overall model whereas within the low-achiever 

sample the introduction of the personality traits 

accounted for approximately 17% of the cumulative 

variance observed. This suggests that personality traits 

are more influential for low-level learners than high-

achiever learners, possibly as personality shapes actual 

learning behaviours and motivation as mediators of 

academic achievement (cf. Sorić et al., 2017). Indeed, 

among the low-achiever sample, conscientiousness 

was the only trait to have a significant predictive 

impact upon academic achievement (β= .32***). The 

contribution of conscientiousness is consistent with 

past studies (cf. Chamorro-Premuzic & Furnham, 

2003; Farsides & Woodfield, 2003; Kappe & Van der 

Flier, 2012) that have described it as “the crucial 

noncognitive predictor for school achievement” 

(Dumfart & Neubauer, 2016, p. 8). Crozier (1997) 

facilitates an understanding of how these interactions 

might manifest in practice by detailing how 

conscientious students are more inclined to meet 

assignment deadlines, complete all given tasks and 

activities, invest more effort into their work and are 

more inclined to be able to work independently 

without constant supervision. It can be speculated 

upon whether conscientious learning behaviours are 

able to offset a lack of intelligence, and likewise, 

whether higher levels of intelligence are able to negate 

the need for students to engage in productive learning 

behaviours. 

Finally, none of the approaches to learning 

variables made a significant contribution to the final 

model among the high-achiever sample although 

among the low-achiever sample the three variables 

accounted for approximately 4% of the cumulative 

variance observed. Within the low-achiever sample a 

surface approach to learning was the only one of the 

three approaches to learning variables to have any 

predictive impact (β= -.22**) on academic 

achievement. As the literature indicates, learners who 

adopt a surface approach to learning view learning as 

an external imposition and a process that is externally 

motivated by a fear of failure (cf. Dart, 1998; Diseth & 

Martinsen, 2003; Duff, 2004; Van Rossum & Schenk, 

1984). The fact that a deep approach to learning and a 

strategic approach to learning made no significant 

contribution, despite the significant positive 



FUN Granted Research 
Project Report                                              Future University Hakodate 
______________________________________________________________________________________ 
correlations observed, suggests that academic 

achievement within the current sample was not 

positively influenced by the approach to learning taken 

but rather more by levels of conscientiousness and the 

degree to which the students adopted effective 

achievement motivations. 

.5 3

Individual differences and other non-

cognitive factors play a significant role in the 

achievement outcomes of university students and there 

remains a strong need to undertake research which 

highlights the contributions made by different 

variables, within different contexts and among 

different samples of student. Departing from 

O’Connor and Paunonen’s (2007) recommendation 

that researchers use multiple predictors inclusive of 

personality, motivation and study habits when 

predicting academic achievement outcomes, the 

current study has assessed the predictive capacity of a 

selection of variables to account for the academic 

achievements of a cohort of Japanese university 

students.  

The results of the current study indicate that 

across the whole sample in addition to the split 

samples, goal orientation (achievement motivation) is 

the crucial factor in predicting academic achievement. 

Within the high-achiever and low-achiever sample 

goal orientation was by far the most important factor 

in predicting success. Crucial for the low-achiever 

students, conscientiousness also appears to be a 

prerequisite to successful achievement outcomes. It is 

therefore imperative that educators promote to 

students a conscientious approach to learning. While 

teacher intervention into the domain of personality 

may be limited due to the developmental nature of 

each trait, educational practitioners are able to 

intervene on the basis of student choices informed by 

personality traits, especially when certain traits such as 

extraversion and neuroticism have been shown to have 

detrimental effects in terms of learning behaviours, 

and thus, academic achievement outcomes.  

Which goal orientation is optimal for each 

student appears to be dependent on factors such as 

intelligence rather than personality of academic self-

efficacy. This presents a challenge for teachers and 

educational practitioners as achievement, as a 

problematic indicator of intelligence, is often not 

known until after a course of study. It is therefore 

important for teachers to develop ways to identify 

students on the basis of ability and to then tailor 

specific initiatives, interventions or types of 

attributional feedback to their abilities, something 

which in large-sized mixed ability classrooms is 

problematic. 
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